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Abstract: High-quality review within an online review community greatly determines the survival and success of the online 
community. As such, it is crucial for community operators to understand which kinds of users are more likely to share 
publish high-quality review, a topic not yet adequately investigated in e-commerce research. We used a unique dataset from a 
large traveling community, and examined which users’ characteristics are associated with the high-quality review publishing 
behavior. Results show that reviewers' status, knowledge and rating comprehensiveness is positively associated with review 
quality. Moreover, we reveal that there exists an inverted U-curve relation between review length and review quality. The 
similar relation also exists between picture number and review quality. Further, we show that reviewers who have more 
experience, knowledge, intimate interpersonal relationship- are more likely to be motivated by a high-quality review 
engagement policy. The results can improve our understanding on the sharing behavior in online communities, and offer 
managerial implication to the community operators. 
Keywords: online community, review quality, sharing behavior 
 
1 INTRODUCTION 
Online reviews provide consumers with information about products and services based on the real 
experiences of other consumers. Users’ online reviews are an increasingly important part of the consumers’ 
buying process, and the majority of customers increasingly rely on online review ratings and comments on 
product pages before making their final purchase decision[25]. For instance, YouGov finds that 78% of U.S. 
Internet users read online reviews before making a purchase, and 52% of these users read four or more reviews 
before they have sufficient information to purchase a product or service[27]. Product reviews can eliminate the 
doubts that customers may have about a product or a service, and can help customers to decide whether to 
purchase the product/service or not. It has become an integral part of e-commerce sites. Reviews may appear on 
a firm’s own site, a social media or a third part review platform. Review platforms are websites that specialize in 
presenting product or service reviews about a range of firms. Comparing with firm-hosted review systems, third 
party review platforms are expected to be more independent and genuine to help consumers make more 
informed purchasing decisions. Accordingly, a range of online review platforms emerged in recent years.  
Besides offering multiple ways to attract reviews from customers, online review platforms usually take some 
measures to encourage reviewers to write high quality reviews to improve the attractiveness of the sites. High 
quality reviews increase consumers' experience and keep them staying on the site. Amazon, for instance, asks 
potential customers rating the review ("was this review helpful to you?") to help other customers find the most 
helpful reviews.  
From perspective of review quality, previous scholars have discovered that information quality affect 
consumers' purchase intention and transaction behaviors[23]. On the other hand, plenty of research explored the 
reason why people share their experience in online review systems [7,10,17,26]. Studies even indicated the 
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significant influence of community's shared language and shared vision on knowledge quality[10]. Indubitably, 
high quality reviews have tremendous commercial value for e-commerce sites. Those reviewers who can be 
likely to write high quality reviews are of great value to review platforms. However, few studies have been 
devoted to clarify the characteristics of reviewers who can write high quality reviews. 
For online reviewers, gaining peer attention and online reputation is important motivations for their 
contribution to the review systems [7,9,25]. The review platforms will bump the High-quality review to the top 
areas. It helps to improve visitors’ experience, render reviews to more exposure and attract consumer attention 
consistently by putting these reviews on the top of the list. Given the scarcity and value of attention on the 
Internet, it is expected that online reviewers are likely to devote efforts to writing reviews to gain the label of the 
High-quality Review[25]. Online reviewers purposely compete for attention when contributing voluntarily to 
review systems[25]. 
Mafengwo.cn, similar to TripAdvisor, is a travel social media platform which provides attraction reviews on 
product pages. In most sites, reviews’ quality usually be measured by consumers' subjective feedback (i.e., 
Usefulness). Mafengwo.cn uses an official rating (The High-quality Review Engagement policy) to determine 
the quality of comments. Therefore, Mafengwo.cn makes it impersonal to evaluate the quality of reviews. 
 
2 MODEL AND HYPOTHESIS 
Social interaction and personal factors are widely used to explain the phenomena of social media. A large 
number of existing articles explains knowledge sharing by social interaction and individual factors [5,14]. The 
great influence of social interaction and personal factors on social virtual world continuance has been evidenced 




















Fig. 1. Research model. 
 
2.1 Social Capital Theory 
According to the Social Capital Theory, relationships in social network produce social capital, and the 
resources embedded within the relationship network or social networks are strongly effect personal performance 
in Internet[10]. As a consequence, reviewers who have more intimate interpersonal relationship network or at an 
important status in the community may be able to write high quality reviews. In our model, we use the number 
of followee and follower for intimacy of interpersonal relationships.  
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H1a. The number of followee is positively related to review quality. 
H1b. The number of follower is positively related to review quality. 
On the other hand, because of the social capital, reviewers who hold an important status may be more 
motivated to write high quality reviews. In this paper, we use the reputation awarded by third party review 
platform to represent the status in the community.  
H2. Status in the community is positively related to review quality. That means reviewers who hold an 
important status in the community are more likely to write high quality reviews. 
2.2 Social Cognitive Theory 
The Social Cognitive Theory claims that human behavior is a dynamic, triadic, and reciprocal interaction of 
personal factors, behavior, and the social network [1,11]. Self-efficacy and outcome expectations are widely used 
to measure personal factors. Nonetheless, in travel social media platform, almost all users write reviews in order 
to share their travel experience and help others who are interested in the same scenic spots. Therefore, outcome 
expectations are not included in our model. In general, self-efficacy is a self-judgment of one's ability to 
accomplish a given performance[22]. Experience and knowledge will greatly affect self-efficacy [2,3]. The more 
time a reviewer spend on this site, the more experience he has, and he is more likely to write high-quality 
review. 
H3. Reviewers’ experience is positively related to review quality. 
In addition to experience, knowledge also has great influence on self-efficacy [2,3]. On the travel website, rich 
tourism experience is a guarantee for high quality reviews, if a man who never go out, he can't write a good 
review. 
H4. Reviewers’ knowledge is positively related to review quality. 
2.3 User participation 
Userparticipation refers to behaviors, activities and assignments, which users undertake during the online 
communities’ development process[16]. One of the most significant problem of user participation is inequality of 
contribution[14]. Behavior on the online community is usually divided into interaction and noninteractive 
behavior depending on the web site features. “Social members” will usually take a positive way to express 
themselves, in other words, they are activity during using the community. Nevertheless, “quiet members” 
usually browse reviews or rarely be noticed [4,13]. Social exchange theory regards social behavior as a result of 
exchange[13]. In order to attract attention and get reputation, social members are willing to contribute more to 
write detailed and multi-dimensional reviews. In this study, we use word length, picture numbers and rating 
comprehensiveness to measure user participation. Word length and picture numbers are usually regarded as the 
depth of reviews 18,20]. 
 However, reviews are mainly used for the information of fragmentation, overlong reviews can increase 
readers' search costs and lead to the decrease of the quality of the reviews[24]. Therefore, reviewers need to 
contribute a lot of energy to consider how to describe more information briefly as possible. 
H5a. Word length has an inverted U curve related to review quality. 
H5b. Picture numbers has an inverted U curve related to review quality. 
Rating comprehensiveness is defined as evaluating the target from multiple perspectives. It is more complex 
than the average score. Reviewers need to measure the target through three to five aspects. That means 
reviewers should pay a lot to make the quality of review higher.  
H6. Rating comprehensiveness is positively related to review quality.  
2.4 Gender differences 
Gender is one of the most widely recognized individual difference variables [28]. A large number of studies 
have shown that male and female have different behavior and performance on internet [6,22]. Under some 
530           The Sixteenth Wuhan International Conference on E-Business－Social Network and Commerce 
conditions, female is more emotional than male[19], hence, gender may affect the quality of the reviews to some 
extent. In order to eliminate the influence of gender, we included gender as control variables.  
 
3  DATA AND VARIABLE  
3.1 Data and Variable 
We collected data from Mafengwo.cn, which is a popular travel social media platform in China. On March 
18, 2015, the High-quality Review Engagement policy was issued to encourage community users to publish 
high-quality reviews. Prior studies suggested that reward in online community has a great influence on users’ 
behavior[29], and in order to get reward, community users competing for attention is important. In this research, a 
crawler was developed by python to download reviewer information and reviews, Fig. 2. presents a snapshot of 
a reviewer’s homepage. The data collection was conducted in October 2015. We chose the top 30 of Forbes list 
“The most famous tourism city in China during 2014” as our target cities, and collect all the reviewers’ 
information and the reviews since it joined Mafengwo.cn. We get 823 reviewers' individual information and 
their 241418 reviews. Dropping missing data and outliers, we have 784 reviewers with 218623 reviews data. 
Table 1 shows the variables in our analysis. 
 
Fig. 2. Reviewer’s homepage. 
 
Table 1. Variables used for analysis 
Variable Description 
Review quality The total number of high-quality review. 
Followees  The number of reviewers who a user pay attention to.  
Followers The number of users who pay attention to a reviewer. 
Status The reviewer reputation in this online community. 
Experience  The familiarity of a reviewer to this online community. 
Knowledge The total number of reviews published from a reviewer joined in to October 2015. 
Review length The average length of reviews published from a reviewer joined in to October 2015. 
Picture numbers The average number of picture posted from a reviewer joined in to October 2015. 
Rating comprehensiveness The probability of a reviewer evaluates the target from multiple perspectives. 
 
3.2 Method 
The dependent variable in this model is a count variable. The Poisson regression is usually used to model variable 
on counts. Nevertheless, the Poisson distribution is seldom fit for the statistical analysis as a result of overdispersion. 
In this model, the mean of dependent variable is smaller than the standard deviation（see Table 2）, the overdispersion 
issue should to be adjusted. Therefore, we selected negative binomial regression instead of Poisson regression in this 
study. In addition, as we said before, the effect of word length and picture numbers on review quality increases first, 
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and then decreases with the rising of number, so we use square term to describe their influence.  
Table 2. Descriptive statistics and Correlations (N=783) 
Variable Mean Std. Dev.  1 2 3 4 5 6 7 8 9 10 
Review quality 17.37 33.72 1.00          
Gender  0.33 0.47 -0.08 1.00         
Experience  2.75 0.42 0.34 0.10 1.00        
Followees 3.86 1.3 0.16 0.12 0.52 1.00       
Followers 3.41 1.8 0.32 0.02 0.76 0.53 1.00      
Status 6.84 1.77 0.39 0.01 0.72 0.41 0.50 1.00     
Knowledge 4.85 1.3 0.49 0.04 0.67 0.38 0.53 0.65 1.00    
Rating comprehensiveness 0.32 0.21 0.24 0.03 0.14 0.13 -0.04 0.3 0.14 1.00   
Word length 4.46 0.46 0.18 -0.07 -0.04 -0.12 -0.004 -0.01 -0.3 0.1 1.00  
Picture numbers  0.62 0.47 -0.07 -0.03 -0.04 -0.19 0.05 -0.16 -0.33 0.2 0.46 1.00 
 
4 RESULTS 
4.1 Empirical Results 
In Table 2 , the correlation scores are moderate (<0.8). Table 3 shows the detailed results of binomial 
regression. The Likelihood-ratio test rejects the null hypothesis (p < 0.01), which provides the support to use the 
negative binomial regression. In Table 3, status has a positive effect on review quality (coef = 0.0868 at p≤
0.001)，H2 is supported. The same as status, knowledge (coef = 0.9252 at p ≤ 0.001) and rating 
comprehensiveness (coef = 1.251 at p≤0.001) are proved to affect review quality positively, H4 and H6 are 
supported. The inverted U curve influence of word length and Picture numbers to review quality are supported 
in Table 3. Therefore, H5a and H5b are supported. However, the effect of experience, followees and followers 
on review quality are not significant (p<0.01). In other words, H1a, H1b and H3 are not supported. It may 
because users who have high experience are not all “social members”, they may always browse others’ reviews 
instead of writing reviews. And for users who have many followers, they may have no impetus to attract more 
attention and write high quality reviews anymore. Moreover, the effect of followees is not support our 
hypothesis, a user who have a large number of followees just means he would like to browse vast reviews, so, he 
may also a “quiet member”.  
Table 3.  Negative binomial regression 
Review quality  Coef. Std. Err.  z P>|t| 
Gender -0.1837 0.0596 -3.08 0.002 
Experience  -0.1257 0.1420 -0.88 0.376 
Followees  -0.0231 0.0257 -0.90 0.370 
Followers  -0.0205 0.0254 0.81 0.419 
Status  0.0868 0.0258 3.37 0.001 
Knowledge 0.9252 0.0348 26.58 0.000 
Rating comprehensiveness  1.2510 0.1541 8.12 0.000 
Word length 3.8398 0.8222 4.67 0.000 
Word length2 -0.2757 0.0895 -3.08 0.002 
Picture numbers  0.5934 0.2023 2.93 0.003 
Picture numbers2 -0.4003 0.1307 -3.06 0.002 
Pseudo R2 0.2039    
Likelihood-ratio test of alpha=0:  chibar2 (01) = 3550.63 prob >=chibar2 = 0.000 
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4.2 The characteristics of reviewers who are susceptible to the policy 
To reveal the characteristics of the reviewers who are likely to be encouraged by the high-quality review 
engagement policy, we classified reviewers who wrote review before and after March 18 into three degree (no 
change、partially change、completely change)according to the reviewers’ behavior. Table 4 shows the details of 
these three kinds of reviewers. We did t-test and the results are reported in Table 5. As shown in Table 5, 
reviewers who possess more experience and knowledge are more susceptible to be stimulated by the policy. 
Moreover, if a reviewer has an intimate interpersonal relationship or holds an important status in the community, 
he will get stimulated easier. 
Table 4.  Information of three kinds of reviewers 
 Sample Description 
No change 50 All items (word length, picture numbers, rating comprehensiveness) have no 
change after the policy.  
Partially change 570 One or two items change. 
Completely change 109 All items have obvious change after the policy. 
 
Table 5.  Result of reviewers with stimulate 
 No change &  
Partially change 
Partially change&  
Completely change 
Partially change&  
Completely change 
Experience level Support  Support Support 
Followees Support Support Support 
Followers  Not support Support Support 
Status  Support Support Support 
 
5 CONCLUSION 
This paper investigates the effects of social interaction, personal factors and user participation on review 
quality. Reviewers' status, knowledge and rating comprehensiveness, which are shown by results, are positively 
associated with review quality. Moreover, we reveal that there exists an inverted U-curve relation between 
review length and review quality. The similar relation also exists between picture number and review quality. 
Furthermore, we show that reviewers who have more experience, knowledge and intimate interpersonal 
relationship are more likely to be motivated by a high-quality review engagement policy. In addition, we reveal 
the features of reviewers who are more susceptible to stimulate by the policy. In general, reviewers who are 
more active in the site are more likely to write high quality reviews and affected by new policy. According to 
our study, community operators can find out the valuable users who are vulnerable to stimulate by new policy 
and write high-quality reviews accurately and stimulate them to produce more value. So, community operators 
can tailor new policy for valuable users to stimulate their sharing behavior in online communities, and keep their 
continued value for the web site. 
 
6 LIMITATIONS AND FUTURE RESEARCH 
As with any other researches, the discoveries of our study have some certain limitations. Firstly, 
demographic characteristics are the important factors to affect people's behavior, even if the information on the 
net may be imaginary. Secondly, Mafengwo.cn is one of the most popular travel social media platform of china, 
which is the first site implementing an objective policy to evaluate review quality. However, we expect future 
researchers to enhance the generalizability of this study by replicating this study in other platforms. 
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